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Metadata Management concepts

Key Metadata Management concepts to ensure a successful, business-oriented approach

Metadata management is about management of your data and information assets to address use cases such as data governance
and analytics. It is used as a reference for business-oriented and technical projects and builds the foundations for describing,

inventorying and understanding data.
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Sharing data and Understanding data Understanding data Ensuring data is of Generating value
svstem ?nformation for regulations lineage, where and good quality and from the data by
aycross oraanisations including PII how data flows data duplication is sharing it with other
9 sensitive data around systems kept to @ minimum applications
Business Metadata Technical Metadata Operational Metadata
Data that adds business context to Data used in the storage and structure Data that explains how data was
other data: of the data in a database or system: created or transformed:
« Logical models « Administrative metadata e.g. « DQ metadata e.g. quality metrics
+ Data owners and data stewards hardware and profiles
. Data dictionary e.g. terms, + Structural metadata e.g. hierarchies + Dataset metrics e.g. access
definitions, relationships, valid and physical assets times, reads and writes, and size
values, data masking rules « Transformational metadata e.g. ETL « Schedules and workflows
jobs
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Key capabilities

A simple model for unlocking the value of data

Master Data Management is the
capability to address the
management of foundational data
through people, process and
technology solutions

Data Governance provides the
guidance to ensure that data is
accurate & consistent to meet the
business goals

Data Architecture is the capability to
identify and develop the proper
information models to support the
business operations and analytics

Data Privacy & Security ensures
the information is appropriately

encrypted, accessed and used as
per policy guidelines

Enterprise
Data
Management Data Retention & Archiving is
the capability to appropriately
retain and archive data to comply
with laws and regulations

Data Quality Management is the
Metadata Management is capability to appropriately

the capability to proactively diagnose data quality issues,
manage the diverse data correct them and monitor the
standards of the enterprise solution effectiveness
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Application of solution

How your problems map to capabilities

Current data-related challenges facing the clients resolve around few key concepts: customer data, black
box, lack of single view of overall data, lack of definitions and governance, lack of mapping and

quality of data

Data Governance

Modelling

Data Architecture

Data Dictionary
Data Catalogue
Asset Inventory
Quality of Data

Data Management
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Metadata Management

Data Privacy & Security
Data Quality

Data Retention & Archiving
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Emerging Trends — the era of big data

 Shift towards data centricity & data monetisation - looking to identify,
classify & gain insights from their data assets.

* Insight go beyond the basics of mapping & understanding metadata to how it
IS mined, used & managed

 Shift seen not only for metadata management but also in the governance of
data - creating a trusted data platform

© 2020 Deloitte MCS Limited. All rights reserved.



Emerging Trends — business focussed metadata initiatives

* Focus on added business context to technical metadata
* Help provide clarity on how to effectively leverage your data asset
* Confirm data Is trusted & fit for purpose

© 2020 Deloitte MCS Limited. All rights reserved.



Emerging Trends — business focussed metadata initiatives

* Focus on added business context to technical metadata
* Help provide clarity on how to effectively leverage your data asset
* Confirm data Is trusted & fit for purpose

Emerging Trends — prioritisation of data quality

Link data quality initiatives to metadata initiatives
Use metadata to measure data quality

Documenting data quality standard in a catalogue and using the same to
enhance data quality

Establish trust in critical data assets that impact business goals & objectives
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Emerging Trends — metadata, master data & data privacy

* Regulations such as GDPR, TRIM, and CCPA, the very definition of “data
privacy” is a moving target - need to protect against unauthorized access,
usage or dissemination

 Using metadata to identify data stakeholders, Pl attributes & process to
protect the data (confined data, masked data, restricted access etc.)

« Metadata always plays a vital role in managing master data, ensuring it’s
accuracy and consistency across systems. This will ensure consistent use of
the data attributes across source/ consuming systems and also help capture
lineage

© 2020 Deloitte MCS Limited. All rights reserved.



Emerging Trends — operationalising metadata management

Metadata can become stale very quickly as data source change
Need for constant proactive metadata refresh and monitoring over time

Automating metadata to become living source of information -metadata
collection, quality metrics & crowdsourcing business context

Use Al technigues to automate mapping of metadata to business defintions

© 2020 Deloitte MCS Limited. All rights reserved.



Maturity Framework

Your current position on the maturity framework of data assets

Maturity
Level

Discovery

Trust

Provision

Collaboration

B & & @ ©

Governance

Data assets are found
by chance or personal
network

An evaluation of the
data properties is
hardly possible

No metadata is
provided for central
use

There is no cross-
functional cooperation

Metadata related roles
and responsibilities are
unclear

Data assets are listed
in documents, wikis or
spreadsheets

A contact person, e.g.
the data owner is
listed for each data
asset

Metadata is provided
on request by the data
owner

Templates help to
structure the
generation of business
metadata

Metadata related roles
and responsibilities are
assigned
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Data assets can be
searched in a central
catalogue based on a
dedicated tool

Comments and tags

indicate the properties

of the data asset

The data catalogue
recognises and labels
standardised data
types, e.g. account
numbers

A business taxonomy
simplifies and
standardises the
capturing of business
metadata

A central metadata
managements team
coordinates the work

The catalogue can
display sample data
entries and summary
statistics

A lineage and impact
graph shows where
the data comes from
and how it is used

Lineage detection
within the data
platform is highly
automated

Creation of business
metadata is gamified
or facilitated by
nudges

All metadata
governance processes
are supported by
workflows

© 2020 Deloitte MCS Limited. All rights reserved.

Automated

A recommender
system for data assets
is in operation

Quality metrics are
available for all data
assets

Machine learning
algorithms support the
provision of metadata
across platforms

Significant efforts in
the capture of
business metadata are
rewarded by a
financial bonus

Data access and
approval processes are
largely automated

Your position on the
framework is a result of
the challenges you are
currently facing:

- Data dictionary

« Logical Modelling
 Physical Modelling

- Data Catalogue

« Metadata
Management

« Master Data
« Reference Data
+ Asset Inventory

* Quality of Data
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Solutions and Reference
Architectures enabling
Metadata Driven Data
Management

Manuel Gomez, Principal Architect




Becoming Metadata-Driven is a Journey
Architecture to enable Metadata-Driven Management

How do | discover the ~ How do | get data How can | make my How can | ensure the How can | protect & How do | keep track How do find &
data | need to bring to DL/DW? disparate, real-time data I am bringing into secure my high-risk and govern data understand the data
into DL/DW? data types work DL/DW is high quality & data? across DL/DW & | need for analytics?
together in DL/DW? usable? on-premises?
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Organizational Perspectives
- Bringing Metadata
Architectures to Life

Trevor Hodges, Associate Director EMEA IPS
Claire Rolland, Solution Architect - Strategic Accounts




INFA Metadata Management Capability Framework
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Your path to success with Metadata Management

Formulate Program
strategy

© Informatica. Proprietary and Confidential.

Implement Program

Refine & Expand

Your goal is to maximise the reach & impact of metadata

(‘ Informatica



Two basic program Strategies (or a mix of the two!)

Retail Bank Global Consumer Packaged Goods

Build from outside in Build from inside out

A program strategy based on what
you think what's best for your
customers...

« Oryou think you know what’s best
for your customers

« A program strategy based on your
customer’s needs

© Informatica. Proprietary and Confidential. G Informatica



Our retail banking customer started with ‘why’

Define Use
Case and

|dentify
Corporate Business

Define Your
Program

Vision Drivers/ Strategy

Qutcomes

identify Pain
Points

They defined their program strategy that:

- Aligned and supported its corporate vision
» Focused on delivering business impact with use cases linked to business drivers
» Addressed user pain points

« Communicated program value and long-term direction

© Informatica. Proprietary and Confidential.




Their program demonstrated value - strategy-based
Vision, Business Drivers, Use Cases, and Pain Points

Corporate Vision

 Aspire to provide the best retail banking service
for our customers a

Business Drivers

* Drivers
- Increasing regulation (external)
- Revenue growth (internal)

+ Business initiatives/tactics

- 360 view of customers to Support online customer self-
service

- Migration: DWH to cloud a

Required Metadata capability use cases

- End to end lineage of key data elements

* Inventory of data assets e
- Metadata Architecture

Challenges and Pain Points

- Creating data lineage compliance report of key data elements is two
months of manual effort each year

- Data quality is questionable, not sure who is responsible
« No common business definitions causing data consistencies

- Data analysts and data scientists spends >75% of other time
finding trusted, relevant data sets for analytics a

© Informatica. Proprietary and Confidential.

Data Catalog Program Strategy

+ Democratize data asset knowledge and usage through a central
data catalog to support cross-functional collaboration, self-service
analytics, IT modernization, and Data governance

(‘ Informatica



Delivering a ‘google like’ view of the bank

» Use case
priortisation

* Initial
roadmap

Where to start: Scope definition for
initial pilot implementation

Define success criteria

Evaluate use cases against success
criteria

Select use case for pilot project
Define initial roadmap

* Pilot
» User rollout

- Use case refinement
+ Use case implementation
- Socialisation

* Ingest and
Enrich

Metadata

Started by ingesting 3 to 4 key
metadata resources for the pilot

Enriched its data catalog to provide
business context and quickly find
the right data asset

 Train & track
users

Playback
Onboard next use case

Training

Periodic checkpoints to assess
progress

Monitor usage and measure
business impact

Communicate programme progress
and direction with users and
stakeholders

© Informatica. Proprietary and Confidential.
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They trained and supported their users

A Leveraged Business

Champions to Train and
Drive User Adoption

Created Training Content « Created business ownership by
. leveraging its champions as influencers
and Videos to drive adoption in their teams

* Leveraged its enablement experts

« Engaged its subject matter experts to

.. define hands-on training content » Created training image on cloud to
Created Tralnlng Plan by . Compared and contrasted the current ?tJJ[lckI)((splr]-up tralnl(rjlg images and
User Role process versus using EDC to uture training upgrades
demonstrate the benefits of using EDC
» Created training curriculum by user « Communicated the bigger picture of its
roles program strategy and set user
 Trained its support staff first; they were expectation
internal functional and technical EDC « Created short 3-4 minute videos as a
experts how-to reference for performing
 Leveraged Informatica University on- common tasks

demand training, IPS Adoption Services
« Customized training for its users

© Informatica. Proprietary and Confidential. G Informatica




They measured their results and asked for feedback

Monitor and Measure

Engage

Feedback

« Monitored usage with metrics

including user logins, searches,

reviews, time-saved, new asset
usage, data set discovery, new
datasets created

- Conducted user satisfaction
surveys

© Informatica. Proprietary and Confidential.

+ Explained the benefits

+ Encouraged collaboration on

data with review and ratings on
datasets.

+ Conducted follow-up user

workshops

- Discussed what works, what

can be improved

+ Shared tips/tricks

- |dentified what need to be

fixed

(‘ Informatica



They then refined and expanded the project

- Developed a 3-year roadmap aligned to corporate/compliance needs
* Incrementally added more users to the catalog

- Expanded to new use cases - privacy management

* Cultivated data-oriented community around the data catalog

* Created custom applications to leverage its enterprise data knowledge captured in the
catalog - REST APIs

* Increasing automation — leveraging Al capabilities

» Apply Custom Scanner Framework

© Informatica. Proprietary and Confidential. G Informatica



Our Global CPG approached from the inside-out

Poor expectation management
Data initiatives take time, and require continued effort long after the original project is completed. Expectation

management is key so the community has a long-term view of what is expected of them, and where the value is

1. Initiation 3. Completion

Lack of engagement from  Failed to demonstrate value
the start - no real buy-in, » Poor transition from project
sponsorship, budget, » Once the symptoms were relieved, the
support etc. effort stopped

2. Execution
» No true engagement from community
« Didn't relate to business needs

» Required significant learning effort

~Growth

* No plan for what happened
next

* Enthusiasm waned, declined
into irrelevance

A single point of failure, not supported broadly enough, so that the inevitable changes in the organisation upset the

progress. The programme and solution design was also inflexible, and could not cope with change.

© Informatica. Proprietary and Confidential. G Informatica




T

Formulate Strategy Start with a Pilot
Align corporate business Keep first rollout simple,
direction focused; quick wins

Plan strategically, start with
users in mind
Outside in thinking

Make catalog relevant to
users with business context
information. Start with ‘why’

© Informatica. Proprietary and Confidential.
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Train Users

Train and show users how
data catalog helps them
produce results

Engage early adopters as
your champions

Refine and Expand

Conduct feedback
workshops, monitor usage

Communicate success and
expand program

(‘ Informatica
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